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Students’ engagement with ChatGPT feedback: implications 
for student feedback literacy in the context of generative 
artificial intelligence
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Department of Curriculum and Instruction & Assessment Research Centre, The Education University of Hong 
Kong, Tai Po, N.T, Hong Kong

ABSTRACT
Student feedback engagement is often reported as unsatisfactorily low, 
undermining the effectiveness of feedback in higher education. The 
emergence of Generative Artificial Intelligence (GenAI) has created new 
opportunities to enhance student feedback engagement through its 
unique affordances. However, assuming that GenAI is a panacea for feed-
back disengagement can be misleading, as it also presents substantial 
challenges. Therefore, it is essential to understand how students engage 
comprehensively with GenAI feedback. However, such understanding is 
lacking in literature. To close the research gaps, this study investigated 
how college students engaged with the feedback provided by ChatGPT 
on their International English Language Testing System writing tasks. 
Sixteen undergraduates voluntarily participated in unobtrusive observa-
tions and stimulated recall interviews. Their feedback engagement was 
classified into cognitive, metacognitive, affective and behavioural aspects. 
The findings reveal that participants employed more cognitive strategies 
than metacognitive ones, experienced minimal emotional resistance, and 
exhibited varying levels of trust in ChatGPT’s feedback. Additionally, the 
participants’ behavioural engagement appeared superficial when request-
ing feedback, interacting with ChatGPT and revising their writing tasks. 
Student feedback literacy, including prompt engineering, evaluative 
judgement, emotional reflexivity, ethical decision-making and 
meta-cognitive skills, should be cultivated to foster students’ active 
engagement in a GenAI context.

Introduction

Feedback is regarded as a fundamental element in teaching and learning in higher education. It 
is increasingly acknowledged that without active student engagement, feedback can be ineffec-
tive for learning (Winstone et  al. 2017). However, student feedback engagement is often reported 
as unsatisfactorily low (Ali, Ahmed, and Rose 2018). Contextual constraints, such as large class 
sizes, limited curriculum space and time, and heavy teaching workloads, commonly hinder stu-
dent engagement with feedback (e.g. Carless 2023; Zhan 2023). Feedback engagement is also 
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closely related to student feedback literacy, which is the knowledge, dispositions and capacities 
students need to acquire for effective feedback uptake (Carless and Boud 2018; Chong 2021). 
Research indicates that students’ engagement with feedback tends to be superficial when their 
feedback literacy is not sufficiently developed (Han and Xu 2021).

The emergence of Generative Artificial Intelligence (GenAI) has introduced new opportunities 
to enhance student feedback engagement, as it holds the potential to address previously identi-
fied contextual constraints. GenAI offers six key affordances: interactivity, anxiety-reduction, com-
municative authenticity, student-centeredness, repetitive practice, and ubiquity (Jeon, Lee, and 
Choe 2023; Rawas 2024). These features enable GenAI tools to deliver personalised, specific, inter-
active, and timely feedback through engaging, adaptable, and human-like conversational interac-
tions (Ali et  al. 2023). However, it would be risky for educators and researchers to assume that 
GenAI is a universal solution for student feedback disengagement. GenAI also poses substantial 
challenges like overdependence on technology and biased or misleading information in the feed-
back process (e.g. Thorp 2023; Fan et  al. 2025). It remains unclear how students can effectively 
and meaningfully engage with this advanced technology to utilise feedback in ways that support 
their learning.

More importantly, when interacting with GenAI, students may exhibit unique engagement 
patterns that require them to think, feel, and act differently compared to how they respond to 
feedback from human sources (Bozkurt and Sharma 2024). Student feedback engagement and 
feedback literacy are deeply interconnected (Molloy, Boud, and Henderson 2020; Chong 2021; 
Wood 2021). Therefore, students may need distinct feedback literacy to effectively engage with 
the feedback provided by GenAI tools. Although some researchers have started to investigate 
student feedback literacy in the context of GenAI (e.g. Bearman and Ajjawi 2023; Bearman et  al. 
2024), these discussions are largely based on scholars’ perspectives rather than on students’ 
actual engagement experiences in natural settings.

To address these research gaps, this study aimed to scrutinize how a group of students 
engaged with the feedback provided by ChatGPT (a popularly used GenAI tool) on their 
International English Language Testing System (IELTS) writing tasks. The IELTS writing task was 
chosen because students often use AI to provide feedback on their writing tasks (Imran and 
Almusharraf 2023). To address the broader audience in higher education, this article focused on 
identifying general patterns of student engagement with ChatGPT feedback in terms of cognitive, 
metacognitive, affective, and behavioural dimensions. The IELTS writing task only provided a task 
situation in which students participated. Through identifying the patterns of student engagement 
with ChatGPT feedback, the article shed light on student feedback literacy in the context of 
GenAI, thus benefiting further explorations in this field.

Literature review

Students’ engagement with human feedback

Student feedback engagement is pivotal to realising the effects of feedback on learning (Zhang 
2022). It goes beyond merely enacting or accepting feedback from others; it requires students to 
mindfully and emotionally connect with the feedback they receive (Handley, Price, and Millar 
2011). The first systematic examination of student feedback engagement in higher education was 
conducted by Handley, Price, and Millar (2011). They analysed feedback engagement by consid-
ering both ‘readiness-to-engage’ (i.e. the willingness to invest time and effort in completing writ-
ten assignments and reviewing feedback) and ‘active engagement’ (i.e. thoughtful reflection on 
feedback activities). The widely accepted categorisation of feedback engagement is based on the 
tripartite model of engagement proposed by Fredricks, Blumenfeld, and Paris (2004), which 
includes cognitive, affective and behavioural aspects (e.g. Ellis 2010; Shen and Chong 2023). 
Student feedback engagement encompasses how students interpret and pay attention to 
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feedback (cognitive engagement), how they emotionally react to the feedback (affective engage-
ment) and how they act on feedback (behavioural engagement).

Student feedback engagement can be categorised as either passive or active. Passive engage-
ment involves receiving feedback without active reflection, communication or dialogue (Price, 
Handley, and Millar 2011). In contrast, active engagement (Handley, Price, and Millar 2011) or 
agentic engagement (Winstone et  al. 2017) emphasise proactive participation. Active engage-
ment focuses on understanding, reflecting on, and applying feedback, while agentic engagement 
takes this further by encouraging students to take initiative, self-regulate and advocate for their 
learning needs. It is argued that the effectiveness of feedback on learning is maximised only 
when students engage with it actively or agentically (Carless and Boud 2018; Winstone and 
Carless 2019).

Student feedback engagement is determined by the interplay of contextual and individual 
factors from an ecological perspective (Chong 2021). Contextual factors such as difficult access 
to teachers, large class sizes, lack of class time for feedback, the power imbalance between teach-
ers and students, end-of-semester comments, insufficient details in comments, lack of chances for 
resubmission, and teachers’ heavy workloads have been identified as constraints on student feed-
back engagement in traditional feedback environments (e.g. Winstone and Carless 2019; Zhan 
2019, 2023;Winstone and Boud 2022; Carless 2023). Individual factors such as learning motiva-
tion, feedback literacy, prior feedback experiences and maturity are also influential in student 
feedback engagement (Shen and Chong 2023).

Among these individual factors, feedback literacy deserves special attention because effec-
tively engaging with feedback demands specific skills and effort from students (van der Kleij 
2020). Student feedback literacy encompasses the knowledge, skills, and attitudes necessary for 
understanding information and utilising it to enhance their work or learning strategies (Carless 
and Boud 2018). A student who is proficient in feedback literacy can navigate and address the 
challenges they face while receiving, perceiving, interpreting, and utilising feedback (van der 
Kleij 2020).

Students’ engagement with GenAI feedback

GenAI offers a transformative approach to overcoming contextual constraints in traditional feed-
back environments. It has the potential to provide students with instant, accessible, and person-
alised feedback anytime (Hwang et  al. 2024) and reduce social anxieties and fear of judgement, 
enabling students to seek feedback more freely (Tai and Chen 2024). Additionally, GenAI delivers 
non-judgemental, user-friendly suggestions and can directly assist in revising work or correcting 
mistakes when requested (Wongvorachan et  al. 2022).

However, GenAI has constraints that could impede student feedback engagement. One signif-
icant concern is the potential for fostering metacognitive laziness, where students may become 
overly dependent on GenAI-generated feedback. This dependency could lead to disengagement 
from deeper cognitive processing and a lack of effort in internalising feedback and applying it 
meaningfully to their learning (Fan et  al. 2025). Therefore, it is essential to explore how students 
engage metacognitively with the feedback provided by GenAI tools, an aspect that has not been 
adequately addressed in the traditional tripartite model of feedback engagement.

This study considered a four-dimensional feedback engagement model in a context of GenAI. 
Cognitive engagement involves how students interpret and judge GenAI feedback, while meta-
cognitive engagement refers to the process by which students actively reflect on, plan and reg-
ulate their use of it. Affective engagement refers to their emotional reactions and their attitudes 
towards GenAI feedback, and behavioural engagement encompasses students’ feedback prompts, 
interactions with GenAI, and revisions they make.

Students’ engagement with GenAI feedback differs from their engagement with human feed-
back due to the interaction with different interlocutors. GenAI is an on-demand and personalised 
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feedback tool; therefore, the interaction between GenAI and students largely depends on stu-
dents’ proactivity and agency. GenAI may generate different feedback information depending on 
students’ prompts (Tlili et  al. 2023). However, the interaction between students and humans (e.g. 
teachers and peers) differs. Even without students’ prompts, the interaction will still occur if their 
teachers or peers want to have a feedback dialogue with them. Unlike teachers and peers, GenAI 
cannot clarify questions unaided (Rudolph, Tan, and Tan 2023). Therefore, students need to itera-
tively determine if they ask appropriate and relevant prompts and adjust their prompts to get the 
desired information (Bearman et  al. 2024). In addition, students’ interaction with GenAI may cause 
less anxiety than that with humans because they do not have to navigate human relationships 
in any feedback encounters (Rad, Alipour, and Jafarpour 2024). However, students need to man-
age their trust level in the GenAI system to enact its feedback (Bearman and Ajjawi 2023) and be 
aware of the ethics of using it in their learning to uphold academic integrity (Wise et  al. 2024). 
Furthermore, interaction with GenAI can leave digital footprints, which can help students itera-
tively and cyclically reflect on their feedback process. This is difficult to realise in interactions with 
humans because such interactions are always difficult to trace back. Therefore, it is reasonable to 
assume that when engaging with GenAI feedback, students will think, feel and act differently.

To actively engage with the feedback provided by GenAI tools, students need to acquire suf-
ficient feedback literacy. Carless and Boud (2018) proposed a framework of student feedback 
literacy, including ‘Appreciating feedback’, ‘Making judgements’, ‘Managing affect’, and ‘Taking 
action’. Molloy, Boud, and Henderson (2020, 529) proposed a learner-centred framework of feed-
back literacy which included seven elements, namely, ‘Commits to feedback as improvement’, 
‘Appreciates feedback as an active process’, ‘Elicts information to improve learning’, ‘Processes 
feedback information’, ‘Acknowledges and works with emotions’, ‘Acknowledges feedback as a 
reciprocal process’ and ‘Enacts outcomes of processing of feedback information’. Although these 
frameworks well characterise the general features of feedback-literate students, they need to be 
adapted to specific contexts. For instance, Malecka et  al. (2022) discovered that the sudden tran-
sition to online teaching due to the COVID-19 pandemic introduced an additional contextual 
factor to feedback practices, influencing the development of student feedback literacy. They sug-
gested that future studies could investigate how students’ experiences of interacting with feed-
back tools and materials shape their feedback literacy. Therefore, from the lens of student 
engagement with feedback, this study could provide insights into the specificity of student feed-
back literacy in the context of GenAI.

Methodology

Background

This study was conducted at a teacher education university in Hong Kong, chosen specifically for 
its conducive environment for integrating GenAI tools into students’ learning. The university has 
recently initiated a pilot program, starting in September 2023, to introduce ChatGPT 3.5 to stu-
dents and staff. As a result, students have convenient and unrestricted access to ChatGPT 3.5, 
allowing them to utilise its capabilities and potential in their learning journey fully. The university 
offers a 5-year Bachelor of Education program with a language policy requiring minimum IELTS 
scores for graduation (6.0 for most majors). Students must meet these Language Exit Requirements 
independently, as the university does not provide IELTS preparation courses.

Participants

The participants were recruited using a convenient sampling strategy. A class of students who 
participated in an elective educational course was approached via invitation letters.  
Sixteen students consented to participate in the study voluntarily. This range of participants is 
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considered adequate to generate sufficient data to achieve data saturation (Creswell and Poth 
2018). They varied in age, gender, year of study and major, and they had not taken the IELTS test 
before. The demographic information of all the participants is listed in Table 1. The variety of par-
ticipants resulted in a wealth of data that addressed the research inquiries.

Data collection

Unobtrusive observations and stimulated recall interviews were used in this study to collect data. 
Unobtrusive observations are often used to capture the interactions among humans or between 
humans and technology, along with the trace or usage data automatically generated by digital plat-
forms (Jensen et  al. 2022). The participants were required to screen-record the whole process when 
they used ChatGPT to gain feedback on their IELTS writing tasks. A screen capture software – KK 
Camera, was installed on each participant’s laptop for data collection. Before starting unobtrusive 
observation, each participant was informed of the purpose of using the KK Camera. They were trained 
to use the software to record their feedback practices with ChatGPT and familiarise themselves with 
ChatGPT functions. After piloting, the participants chose one of the provided IELTS writing tasks II (see 
Appendix 1) and wrote about it for 40 minutes. Then, they used ChatGPT to obtain feedback to revise 
their writing independently. The time spent by them varied from 23 minutes to one hour and 
17 minutes.

Stimulated recall interview is a method of introspection where individuals typically watch 
recorded segments of their behaviour to trigger memories of their thoughts and mental processes 
they were experiencing at the time (Lyle 2003). After viewing the video records of unobtrusive 
observations, the first author identified the most critical and typical episodes of students’ feedback 
behaviour with ChatGPT (such as their prompts and revision behaviour as well as their dialogues 
with ChatGPT) and prepared a personalised semi-structured interview protocol to understand the 
participants’ feedback behaviour, the underlying cognitive and metacognitive process as well as 
emotional reactions towards the received ChatGPT feedback, which was not directly observed. The 
participants attended the stimulated recalls a day after they finished their IELTS writing tasks via 
Zoom, which enabled the first author to share the chosen episodes with them. The stimulated 
recalls were conducted in the participants’ mother tongue, lasting about one hour on average.

Data analysis

Text-based interaction between the participants and ChatGPT and their revisions were transcribed 
for content analysis. These data revealed the participants’ behavioural engagement, which was 

Table 1. D emographic information of participants in the study.

Code Age Gender Year of study Major

1 24 Male 4 Math education
2 23 Male 3 General studies education
3 21 Female 3 General studies education
4 20 Female 3 General studies education
5 22 Male 3 AI and IT in education
6 21 Male 4 Kindergarten education
7 23 Female 4 Kindergarten education
8 21 Female 3 General studies education
9 20 Female 3 General studies education
10 23 Female 4 Math education
11 22 Female 2 Math education
12 23 Male 4 Math education
13 20 Female 3 General studies education
14 23 Female 3 General studies education
15 20 Female 4 Math education
16 22 Female 4 Kindergarten education
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visible to outsiders through overt actions such as asking questions about the work assessed, 
interacting with feedback providers, and making revisions (Handley, Price, and Millar 2011). The 
content of prompts was openly coded and then categorized into eight types. The dialogues 
between participants and ChatGPT were coded by identifying the number of rounds of interac-
tion. Each round consists of one participant initiating a prompt and ChatGPT responding. If the 
participant followed up ChatGPT’s response, which elicited another ChatGPT’s response, this was 
coded in another round. Three types of revision operations, namely copy, adaptation and rejec-
tion (Zhang et  al. 2021) were coded.

All the stimulated recall interviews were transcribed for coding. The coding of these data went 
through the procedures of open coding, axial coding, and selective coding (Williams and Moser 
2019). Initial coding was first conducted, and then a category system of student feedback 
engagement was developed via axial coding. A coding matrix of student feedback engagement 
was established according to cognitive, metacognitive, affective and behavioural engagement 
aspects discussed in the literature review. In the last step of selective coding, the category sys-
tem was checked and refined within and across the data sets of participants by repeatedly mov-
ing among the raw data, the temporary categories, the research questions, and the literature on 
student feedback engagement.

Findings

Students’ cognitive engagement with ChatGPT feedback

The interview data revealed that the participants majorly used three cognitive strategies to inter-
pret and judge the ChatGPT feedback. These strategies included selective attention, extracting 
key information and comparison. Eight participants mentioned that they paid selective attention 
to the specific part of feedback provided by ChatGPT based on self-assessment of their writing 
weaknesses. The following extract illustrates this point of view.

Researcher: The ChatGPT pointed out two major weaknesses. One was about vocabulary and grammar, and 
the other was about examples supporting your arguments. Why did you just ask follow-up questions con-
cerning vocabulary and grammar?

Participant #2: The feedback provided by ChatGPT was too long. I needed to focus on the areas that I am 
not good at. I am not sure if the use of vocabulary is grammatically correct, and I do not know how to use 
academic-sounding words to enhance my article. So, I would like to know more about this and paid more 
attention to the relevant information provided by ChatGPT.

Four students talked about using strategies to extract key information provided by ChatGPT. 
They found it might be challenging to do focused revision later without such cognitive process-
ing since ChatGPT always produced lengthy comments. For example, Participant #1 said:

ChatGPT provided many comments, which sometimes overwhelmed me. I needed to find the key points. My 
strategy was to read each comment’s subtitles or topic sentences, and then I filtered out irrelevant or less 
significant information.

Ten participants mentioned that they used a comparison strategy to help them judge the 
usefulness and trustworthiness of ChatGTP feedback. They compared the original version of their 
writing with the revised version, the comments provided by ChatGPT at different periods, ChatGPT 
comments with IELTS criteria, and ChatGPT comments with their teachers’ previous comments. 
For example, Participant #16 mentioned that ChatGPT required her to divide her writing passage 
into more than four paragraphs, and she doubted this comment since her tutor told her that a 
four-paragraph structure was appropriate for IELTS writing task II. For another instance, Participant 
#7 asked ChatGPT to score the original version and the revised version and see if the scores 
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increased and if the revised version addressed the weaknesses mentioned by ChatGPT and 
improved as expected.

Students’ metacognitive engagement with ChatGPT feedback

Compared with cognitive engagement, the participants’ metacognitive engagement seemed less. 
Only five participants reported that they monitored their revision process. For example, Participant 
#11 mentioned that after she revised one paragraph, she would go back to the ChatGPT feed-
back to double-check if she really addressed the writing problems identified by ChatGPT. For 
another instance, Participant #12 proofread the revised paragraph and checked the appropriate-
ness of using the vocabulary suggested by ChatGPT in her sentences.

Six participants reflected on their feedback process with ChatGPT after they finished the revi-
sion. They mentioned that they went through all the comments provided by ChatGPT and 
thought about the usefulness of the ChatGPT feedback in improving their English writing quality. 
The following extract illustrates this point of view.

Researcher: After ChatGPT provided revisions, you returned to your original version and your previous dia-
logue with ChatGPT. Why is that?

Participant #14: It made revisions for me, and I understood what improvements and suggestions it provided. 
At that time, I was thinking whether I could make those revisions on my own. I was thinking about how to 
fully address the topic, how much to write, and things like that.

Students’ affective engagement with ChatGPT feedback

Students’ emotional reactions to the ChatGPT feedback were described by the majority of partic-
ipants (n = 13) as ‘calm’, ‘relaxed’, ‘stress-free’, and ‘unstrained’ in most cases when interacting with 
ChatGPT. For example, Participant #7 described her emotional reactions as follows.

Interacting with ChatGPT is easier because there is no need to worry about asking the wrong questions. 
However, when facing a teacher, there may be concerns like whether asking such long questions would 
appear foolish. There are fewer worries. ChatGPT is not my teacher or peer, so even if it points out some 
weaknesses in my writing, I could calmly face it and think about it.

However, the participants’ affective engagement was not always positive; it was sometimes 
negative. Eight students mentioned that they occasionally felt impatient, confused and upset 
when ChatGPT misunderstood their prompts, gave irrelevant information and continued to give 
similar comments even if they had revised accordingly. For example, Participant #2 men-
tioned that:

I felt bored and impatient when ChatGPT continuously gave me similar suggestions on sentence structure 
and vocabulary. I was confused about its suggestion since I had already used the suggested vocabulary and 
did not know why it kept asking me to do the same revision.

Another interesting finding concerns the participants’ trust or distrust of ChatGPT. The partic-
ipants appeared to trust ChatGPT’s suggestions on English language forms (n = 11) but doubted 
the examples and evidence provided by ChatGPT (n = 12). For example, Participant #13 claimed, 
‘I think ChatGPT is better at checking language mistakes than me. So, I basically accepted the 
language revision provided by ChatGPT’. In contrast, Participant #11 said, ‘In terms of content, it 
can be somewhat general and unconvincing’. Some participants also said that they doubted the 
usefulness of ChatGPT feedback in improving their IELTS writing performance. They were con-
cerned that ChatGPT was not a real IELTS examiner and might not judge their work accurately 
and provide helpful feedback for improvement as the teacher did.
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Students’ behavioural engagement with ChatGPT feedback

Feedback prompts made by the participants
In total, the participants proposed 308 prompts. The least number of prompts provided by indi-
vidual participants was 9, while the most was 40. The prompts were categorised into eight types 
according to their content. The number and percentage of each type of prompt are summarized 
in Table 2, and the example of each prompt type is listed in Appendix 2. Compared with the 
participants’ feedback prompts in global aspects of IEILTS writing (n = 55), such as writing content 
and structure, more prompts focused on the local aspects (n = 104), such as grammar, vocabulary 
and sentence structures. Another interesting finding is that 11.3% of the prompts were a direct 
copy of the participant’s writing passage. In most cases, such prompts occurred at the beginning 
of the feedback process. The percentage breakdown for requests related to direct revision, gen-
eral comments, IELTS grades, IELTS criteria or high-mark writing samples was 13.0%, 10.7%, 8.8%, 
and 2.9%, respectively. Only 1.6% of prompts were related to verifying the credibility of ChatGPT 
feedback.

Interactions between the participants and ChatGPT in the feedback process
Analysis of participants’ dialogues with ChatGPT showed that most observed interaction was 
one-off (n = 133). Figure 1 is a screen-captured example of the one-off interaction between a 
participant and ChatGPT. In addition, 34 two-round interactions with ChatGPT and 18 three-round 
interactions were recorded. There were 11 more than three-round interactions between the par-
ticipants and ChatGPT.

Revision operations with the ChatGPT feedback
In total, 308 prompts were made by the participants, which elicited 268 valid comments from the 
ChatGPT which was relevant to the prompts. These valid comments gave the participants sug-
gestions for revision or direct revision. It reveals that 56.3% of the ChatGPT comments were 
honestly followed, 27.6% of them were adapted, and 16.1% of them were rejected by the 
participants.

By closely examining the comments provided by ChatGPT, which the participants honestly 
followed, most were related to local aspects of IELTS writing, such as grammar, vocabulary and 
sentence structures or provided direct revision. On the contrary, some participants seemed afraid 
to directly use the examples and content provided by ChatGPT in their revision. It was influenced 
by their beliefs of academic misconduct. For example, Participant #6 said:

Actually, when writing academic articles, one should not directly copy from others. Even if there is such 
technology, the article is written by you, not by AI. You should make your modifications. Only in this way 
can you learn how to make changes.

Table 2.  Prompts made by the participants.

Content of prompts Number of prompts Percentage of total prompts

1. Local aspects of IELTS writing 104 33.8%
2. Global aspects of IELTS writing 55 17.9%
3. Direct revision 40 13.0%
4. Direct copying of IELTS writing draft 35 11.3%
5. General requests 33 10.7%
6. IELTS grades 27 8.8%
7. IELTS criteria or high-mark writing 

samples
9 2.9%

8. Credibility of ChatGPT feedback 5 1.6%
Total 308 100%
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Discussion and conclusion

Students’ cognitive engagement and evaluative judgement

In this study, the participants mainly adopted three cognitive strategies: selective attention, extract-
ing key information, and comparison. This could be regarded as active engagement (Handley, Price, 
and Millar 2011). In previous studies, researchers identified that students used similar cognitive 
strategies, such as noticing and understanding (e.g. Zhang 2017; Koltovskaia 2020; Ranalli 2021). 
More importantly, this study identified the participants’ use of comparison to process the informa-
tion provided by ChatGPT. Nicol (2021) describes comparison as a hub for the interaction between 
external information and internal feedback and suggests that explicit comparisons and multiple 
sequential comparisons generate more feedback benefits. In the context of GenAI, ongoing and 
natural feedback comparisons with various information sources become more explicit and integrat-
ing multiple feedback sources over time becomes more achievable. The participants compared 
ChatGPT’s comments with their teachers’ previous feedback and their self-assessment against IELTS 
criteria to make a judgement. Additionally, they instantaneously compared the original version of 
their writing with the revised version, as well as the feedback provided by ChatGPT over time, 
which might not be easily done in a traditional feedback environment.

Using comparison strategies means that students continuously exercise their evaluative judge-
ment (Bearman et  al. 2024). Evaluative judgement is the key feature of student feedback literacy 
and is especially needed in the context of GenAI because GenAI information can appear plausible 
and relevant even in hallucinations (Bearman et  al. 2024). However, six participants did not use 
comparison strategies, leading them to engage with ChatGPT feedback superficially. Therefore, 
this study implies that a feedback-literate student in the context of GenAI should acquire sophis-
tical skills which involve abilities to compare and evaluate different sources of feedback including 
GenAI feedback and human feedback, assess their work against established criteria, and discern 
the change of GenAI feedback over time.

Figure 1.  A screen-captured example of the one-turn interaction between a participant and ChatGPT.



10 Y. ZHAN AND Z. YAN

Students’ metacognitive engagement and metacognitive strategies

Compared with cognitive engagement, fewer participants experienced metacognitive engage-
ment with ChatGPT. In this study, most participants tended to simply read the ChatGPT feedback 
and make judgements but seldom used it for self-regulation or planning for future work. The 
participants did not take the initiative to monitor their feedback process with ChatGPT, which 
caused passive engagement (Price, Handley, and Millar 2011). This echoes metacognitive laziness 
reported by Fan et  al. (2025). Fan et  al. (2025) conducted a randomised experiment that indicated 
ChatGPT might encourage students to rely more on technology, potentially leading to metacog-
nitive laziness, which impeded their ability to self-regulate and engage deeply in the learning 
process. They also found that ChatGPT feedback could significantly enhance short-term task per-
formance, but it might not improve knowledge transfer. This study provides qualitative evidence 
to demonstrate that ‘metacognitive laziness may prompt short-term performance improvements 
and long-term skill stagnation’ (Fan et  al. 2025, 19). By examining the participants’ revision oper-
ations, it was found that most revisions focused on the local aspects of L2 writing, such as gram-
mar, sentence structure, and vocabulary. This focus may not effectively promote the development 
of writing skills that can be transferred to other writing tasks (Zhang 2020).

To prevent metacognitive laziness in the context of GenAI, students need to develop meta-
cognitive strategies, which are also emphasised as the ability to enact feedback in the feedback 
literacy framework proposed by Molloy, Boud, and Henderson (2020). Metacognitive strategies 
are extremely important for feedback-literate students in the context of GenAI since GenAI tends 
to provide students with instant, detailed and persuasive information (Yang and Zhang 2024) 
that makes students experience less cognitive difficulty to trigger their more profound metacog-
nitive process (Alter et  al. 2007). In this study, only one-third of the participants used monitoring 
and reflection strategies to adjust their engagement with the ChatGPT feedback. None of them 
used strategies of goal-setting and planning. Therefore, to be feedback-literate, students must set 
feedback goals, plan the subsequent prompts to elicit the desired feedback, self-observe and 
self-monitor the interaction with GenAI and reflect on the whole feedback process.

Students’ affective engagement and emotional reflexivity

In this study, the participants did not report much about emotional resistance, which has been 
reported in traditional feedback environments (e.g. Winstone et  al. 2017; Zhan 2019, 2024). They 
appeared comfortable and relaxed when interacting with ChatGPT in the feedback process, which 
indicates positive affective engagement. This echoes the findings of Tai and Chen (2024), who 
found that students exhibited reduced anxiety when interacting with Chatbots.

Although they do not need to manage negative emotions as described in the previous feed-
back literacy frameworks (Carless and Boud 2018; Molloy, Boud, and Henderson 2020), students 
are required to have the ability to do emotional reflexivity which is closely related to their trust 
within GenAI systems (Bearman and Ajjawi 2023). The trust level in GenAI systems to provide 
feedback might differ among individuals. According to Ranalli’s (2021) and Koltovskaia’s (2020) 
studies, some students consistently doubt AI feedback, whereas others unquestioningly rely on 
it. In our study, such variations were also observed. Most participants expressed their trust in 
ChatGPT’s feedback on language errors but doubted its suggestions on the content or structure 
of writing. Some participants also doubted the legitimacy of ChatGPT as an IELTS examiner. 
Bearman and Ajjawi (2023, 1169) believed that ‘highlighting the need to be emotionally reflexive 
can prompt students to examine their interactions with AI systems in a critical way.’ Emotional 
reflexivity is a process of acknowledging and understanding how emotions influence action 
(Olson et  al. 2021). Therefore, a feedback-literate student in the context of GenAI needs the abil-
ity to balance their trust and doubt by understanding GenAI’s capabilities and limitations.
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Students’ behavioural engagement, prompt engineering and ethical decision-making

The participants’ behavioural engagement appeared superficial in requesting feedback, interact-
ing with ChatGPT and revising their writing tasks. The study found that 22% of the prompts were 
general or just copying the writing passages, and 13% of prompts explicitly requested direct 
revision. It also revealed that most of the interaction between the participants and ChatGPT was 
one-off. Furthermore, the participants demonstrated a high uptake rate of ChatGPT feedback at 
83.9%, with 56.3% of revisions honestly following the suggestions provided by ChatGPT.

Prompt engineering is necessary for a feedback-literate student to seek feedback from GenAI 
tools to prevent superficial behavioural engagement. Molloy, Boud, and Henderson (2020) discuss 
seeking skills in traditional feedback contexts. In the context of GenAI, seeking skills are closely 
related to prompt engineering, which is the process of designing effective questions or stimuli, 
known as ‘prompts’, for large language models. The quality of the information provided by GenAI is 
largely determined by the clarity and accuracy of prompts (Lo 2023). Lo (2023) developed the CLEAR 
framework, which comprises five key elements of effective prompts: concise, logical, explicit, adap-
tive and reflective. Students are expected to write accurate, well-structured and specific prompts. 
Meanwhile, they can explore alternative prompts and continuously evaluate and improve them.

Ethical decision-making is equally vital when using GenAI, as it ensures academic integrity 
(Wise et  al. 2024). Academic integrity requires students to produce work that reflects their under-
standing and effort while appropriately acknowledging the contributions of others, including 
GenAI systems. In this study, the high uptake rate of ChatGPT feedback and the significant pro-
portion of revisions following its suggestions highlight the potential for over-reliance on 
GenAI-generated content. While GenAI can provide valuable support, ethical decision-making 
requires users to critically evaluate and contextualise GenAI feedback rather than accepting it 
directly without reflection. Therefore, students should be able to make ethical decisions about 
how, when and why to use GenAI feedback to ensure that their work remains authentic, credible, 
and a true representation of their intellectual capabilities.

Figure 2 synthesises the above discussion on student feedback engagement and its implica-
tions for student feedback literacy in a GenAI context. The relationship between these elements 
is bidirectional and mutually reinforcing (Molloy, Boud, and Henderson 2020; Chong 2021; Wood 
2021). The study expands the traditional tripartite model of feedback engagement into a 

Figure 2. I nterplay between student feedback engagement and feedback literacy in a GenAI context.
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four-dimensional model that emphasises metacognitive engagement in the GenAI context, 
addressing the potential risk of metacognitive laziness. Additionally, it proposes five specific 
aspects of student feedback literacy in the GenAI context that merit further exploration in the 
field. By documenting students’ initial experiences with GenAI tools in the feedback process, this 
study lays the groundwork for future research on student feedback engagement and feedback 
literacy in an increasingly GenAI-driven world.
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Appendix 1.  Writing tasks chosen by the participants

Task 1: Online social media is increasingly being used by people from all over the world to communicate. Why is this 
happening? Is this generally a good thing or a bad thing? You should write at least 250 words.

Task 2: Recent advancements in technology have led to many changes in our daily lives, but some people would argue 
that we are becoming too dependent on technology and that not all these changes are beneficial. Give your opinion 
and support your argument. You should write at least 250 words.

Task 3: Many countries around the world are losing their cultural identity and are beginning to appear the same. What are 
the possible reasons for this? Do you think this is a positive or negative development? Give reasons for your answer 
and include any relevant examples from your own knowledge or experience. You should write at least 250 words.

Appendix 2.  Example of each prompt type identified in this study

Content of prompts Example

1. Local aspects of IELTS writing As if you were an IELTS examiner, please provide feedback on how I can 
improve to achieve a score of 7 in grammar diversity and accuracy in 
my IELTS essay.

2. Global aspects of IELTS writing Can you give me more information on how to develop the point of 
globalization further in my essay introduction by providing some points 
and ideas?

3. Direct revision Based on the introduction I gave to you, correct the introduction which 
matches the requirement for IELTS standards

4. Direct copying of IELTS writing draft Participants just copied their writing in the dialogue box.
5. General requests Can you give me some advice on my IELTS writing?
6. IELTS grades What grade can I get in this IELTS writing?
7. IELTS criteria or high-mark writing samples Write me a 9-mark example of IELTS on the topic of “Recent advancements 

in technology…”
8. Credibility of ChatGPT feedback How do you get the high-scoring essays scored by human examiners on 

previous IELTS exams?
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